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Motivation and Objectives RCNN Graph Architecture

* Current land cover classification algorithms have low accuracy, are rarely run, and lack 4 ® L4 |
temporal context. This is a problem because measuring land cover change in our T3 *—id sy Convolutiona
environment is crucial to understanding the effects of climate change, and human : o2 L | . LSTM Layers
actions in our planet. ® ®

« Deep learning algorithms have shown promise in their ability to classify land cover. Our “Strange Blocks”
aim Is to apply these tools and improve on current land cover classification algorithms. ~ Densely

connected LSTM
* The best performing model Is a graph model composed of two portions: A stack of layers

Convolutional LSTM layers, and a stack of "Strange Blocks™. Both include temporal
context, which is necessary due to the intraclass variance that occurs during the year.
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